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Networking behaviors are a potentially important factor driving gender differences in
social networks and contributing to the gender gap in career achievement, yet we know lit-
tle about how and why gender shapes networking behavior. To fill this gap, we study the
networking behavior of female and male job-seekers in a strategic research setting. In Study
1, we use server logs to directly observe job-seeking MBAs students’ outreach to alumni
and show that female students reach out to at least as many men and to significantly more
women than their male classmates. In Study 2, 46 interviews reveal that in addition to all
the same networking that men do, female job-seekers also networked, primarily with
women, to assess two aspects of fit that men were less concerned about: gender dynamics
and support for parenting. Taken together, our results suggest that both genders engage in
schmoozing to get a job, but women also engage in scouting — a heretofore undocumented
form of gender-homophilous networking aimed at finding employers and career options
that give women a fair chance at professional success. We discuss the implications of our
findings for our understanding of gender differences in networks and career attainment.

Voluminous research has documented the gender
gap in career attainment. It is well known and oft
lamented that women are underrepresented in man-
agement jobs, concentrate in roles and occupations
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less, on average, for the work that they do than men
(Eagly & Carli, 2007; Ely, Ibarra, & Kolb, 2011; Fer-
nandez-Mateo, 2009; Halaby, 2003; Jacobsen, 1994;
Petersen & Morgan, 1995). Researchers from a broad
range of intellectual backgrounds have weighed in on
the myriad reasons for this gap. One influential line of
research shows that gender differences in social net-
works—the patterns of interpersonal relationships
that characterize people’s social and professional
lives—contribute significantly to this gender gap in
attainment (e.g., Brass, 1985; Burt, 1992; Fernandez &
Sosa, 2005; Ibarra, 1992; Lutter, 2015).

One potential driver of these gender differences in
social networks is “networking behavior,” or the pur-
poseful creation of new social ties for achievement of
professional goals, that is a ubiquitous feature of
modern life (Ingram & Morris, 2007; Kuwabara, Hil-
debrand, & Zou, 2018; Vissa, 2012). Prior research on
women’s and men’s social networks suggests a vari-
ety of reasons why women might network differently
than men: either because women are excluded from
male power structures (e.g., Kanter, 1977; Mehra,
Kilduff, & Brass, 1998) or because they seek different
resources than men (e.g., Ibarra, 1992; Yang, Chawla,
& Uzzi, 2019). Yet, surprisingly, existing studies of
“job-related networking,” or networking that people
engage in to get their work done, find little evidence
of gender differences in networking intensity or in
networking styles (e.g., Aldrich, Reese, & Dubini,
1989; Bensaou, Galunic, & Jonczyk-Sédes, 2014;
Forret & Dougherty, 2004).

To extend our understanding of gender differences
in networking behavior, we depart from prior work
focused on job-related networking, and focus instead
on “job-search networking,” or networking under-
taken to facilitate new employment. Prior research
suggests that, through contacts, job-seekers can iden-
tify job openings, explore potential career options,
assess their “fit” with different organizations, refine
their self-presentation during interviews, or even find
advocates in the organization (Barbulescu, 2015; Cas-
tilla, Lan, & Rissing, 2013; Granovetter, 1974/1995;
Greenberg & Fernandez, 2016). Not surprisingly, for
professional and managerial workers, job-search net-
working is widely seen as a key to success in job
search (Sharone, 2013, 2017). One important advan-
tage of focusing on job-search networking for our
study is that all professional and managerial workers
engage in it, unlike job-related networking that might
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be more common in some job functions (Bensaou
etal., 2014).

To examine gender differences in job-search net-
working, we employ a mixed-methods sequential
explanatory design (Ivankova, Creswell, & Stick,
2006) and leverage a strategic research setting: an
elite MBA program, where job-seeking students net-
work with alumni,' and where we were able to both
obtain unique digital trace data quantifying network-
ing outreach and also access individuals for deeper
qualitative insights. In Study 1, we use server logs of
students’ networking outreach to alumni to show
quantitatively that, given access to the same pool of
potential contacts, women engage in significantly
more networking than men do. Empirically, this sur-
plus in women’s networking behavior includes reach-
ing out to at least as many men and to significantly
more women than their male peers. In Study 2, we
interviewed 46 job-seeking women and men to exam-
ine the content of women’s networking surplus identi-
fied in Study 1. We find that women and men network
with alumni for many of the same reasons, including
to obtain instrumental help, to explore career opportu-
nities, and for insights regarding “fit” with potential
employers. In addition, female job-seekers also net-
worked, primarily with women, to access two aspects
of fit that men were less concerned about: gender
dynamics and support for parenting.

Together, our results suggest that, while both women
and men engage in schmoozing® an intuitively
well-understood form of networking that is geared
toward identifying and securing a new position, women
also engage in scouting, a heretofore-unexplored form
of networking that seeks information—primarily from
other women—about how the work environment in a
firm or an industry treats women, specifically. Impor-
tantly, we find that this incremental form of networking
done by women does not lead to better (or to worse)
job search outcomes. Instead, our evidence suggests
thatitis a kind of “discrimination insurance” women
take to avoid professional contexts unhospitable to
women or to their needs and concerns (Shih, 2006).

! For parsimony and gender equity, we use the singular
abbreviation “alum” and the mixed-gender plural “alumni”
or “alums” throughout, rather than the more formal, but
gender-specific, Latin words “alumnus,” “alumna,” and
“alumnae.”

% The word “schmooze” derives from the Yiddish word
oviny (shmues) which, in turn, derives from the Hebrew
word niving (shmuot), meaning “bits of news” or
“rumors.” In English, it is a colloquialism that means to
socialize in a way that builds relationships, sometimes
with a connotation of instrumentality. In other words, it
perfectly captures the conventional wisdom on how peo-
ple network in their job searches.
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Such insurance can be costly, redirecting time and
effort from one’s primary tasks (Sharone, 2013, 2017)
to tasks that may consume cognitive and emotional
energy because they are fraught, onerous, or uncom-
fortable (Casciaro, Gino, & Kouchaki, 2014).

This paper contributes to the literatures on social
networks and gender in labor markets, and will, we
hope, reinvigorate research at their intersection. To
start, our study partitions job-search networking into
two distinct activities, schmoozing and scouting.
Further, we elaborate scouting as women’s gender-
homophilous networking behavior that, over time,
may give rise to the gendered network structures
documented in prior research (Ibarra, 1992, 1997;
Kleinbaum, Stuart, & Tushman, 2013). Importantly,
scouting is motivated by the unique benefits that
same-gender relationships offer to women in a world
of potential discrimination (Ibarra, 1992, 1997; Yang
et al., 2019) and does not derive from men rebuffing
women’s networking attempts (cf. Kanter, 1977;
Mehra et al., 1998). More broadly, our study extends
theories of deliberate tie formation through network-
ing (Casciaro et al., 2014; Kuwabara et al., 2018), the
relationship between network access and mobiliza-
tion (Kwon & Adler, 2014; Obukhova & Lan, 2013),
and structure and agency in network research more
generally (Tasselli & Kilduff, 2020).

EMPIRICAL SETTING

For this study, we focused on the job-search net-
working of students in an elite MBA program, a
research setting that allowed us the opportunity to
collect unique digital data on students’ outreach to
the university’s alums, as well as to conduct in-
depth follow-up interviews. Networking with alums
is critical in MBA job search, as students use con-
tacts to identify possible career opportunities, learn
about prospective employers, prepare for interviews,
and find advocates and mentors within hiring organ-
izations (Barbulescu, 2015; Greenberg & Fernandez,
2016). While networking with alums is certainly not
the only type of networking MBA students engage
in, access to an alumni network is an important sell-
ing point for many MBA programs, including the
one we studied.

Most notably, our data contain digital traces of stu-
dents’ use of the alumni database. This database con-
tains information about all living alums of the school,
including name, class year, gender, citizenship, prior
education, contact information, and information
about their current and some prior employment,
including firm name, job title, industry, and job func-
tion. Some records, particularly those for recent
alums, include a photo. The database is searchable by
any of the fields above. Most information is quite
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current, with the median record updated just 18
months prior to the start of the academic year that we
studied. Importantly, our data contains information
on all network outreach by students, regardless of
whether it was reciprocated. This means we do not
restrict our sample to successful networking attempts
(as, e.g., would a study focusing on the addition of
LinkedIn contacts), which would potentially bias
results by excluding those interactions where the net-
working attempt was ignored or rejected.

Our research setting has a number of other advan-
tages that are important to note. Most importantly, by
giving women and men access to similar networking
opportunities, our research site minimizes the effect
of one potential confounder on gender differences in
networking. An important challenge for studying the
gender differences in networking is to empirically dis-
tinguish differences in networking strategies from a
gender difference in access to networking opportuni-
ties. Researchers have long emphasized that women
might face barriers in access to networking opportuni-
ties, including knowing fewer people to start with
(Bapna & Funk, 2021; Ely et al., 2011). In our context,
all students, upon enrolling in business school, are
granted access to alumni via the school’s alumni data-
base. And the strong affiliation that many alumni feel
toward the school makes them particularly receptive
to inquiries from students. This allows us to observe
gender differences in networking behavior, condi-
tional on access to the same pool of potential contacts,
more directly than any prior study of which we are
aware, and to do so in a field setting.

Furthermore, focusing on MBA students at a single
university enables us to examine networking behav-
ior among comparably qualified women and men,
ruling out a number of potential confounders such as
variation in the quality of education, prior experi-
ence, and other types of human capital. Familial
responsibilities, another potential factor that might
limit women’s opportunities to network in other set-
tings (Forret & Dougherty, 2004), are also relatively
scarce in our setting, as most MBA students are young
professionals (the median age is 30) and over 94% are
without children.

As in prior work on MBA job search (e.g., Sterling,
2014), we analyze internship searches by first-year
students, rather than searches for full-time employ-
ment by second-year students, for greater compre-
hensiveness and temporal synchrony. In the two-year
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MBA program where the data for this study were
collected, virtually all first-year students search for a
summer internship, which they consider to be a criti-
cal step in the search for full-time employment after
graduation. Because employers make offers to some
students following the internship, many students do
not search for jobs during the second year; this fact
would create a sample selection issue for studying
the search for full-time jobs by second-year students.
Focusing on the internship search thus allows us to
study networking behavior without concern about
self-selection into job search, conditional on member-
ship in the population (though we acknowledge that
not all job searches involve equal amounts of net-
working). Further, the timing of the full-time job
search varies more widely across students, compared
to the search for first-year internships, which is rela-
tively compressed.

STUDY 1: METHODS

We examine how a complete cohort of 287 first-
year MBA students used the alumni database in their
searches for summer internships. This research
required the collection of three distinct data sets.’
First, and most notably, we collected server logs of
students’ use of the alumni database. Students using
the database can search alums’ profiles using key-
words, industry tags, firm or person names, and a
variety of other means. Logs of which alums appeared
in their search results were recorded over an 11-
month period, beginning in the summer prior to the
matriculation of first-year students, when they first
gained access to the database, and through the end of
their first year, when virtually all students had started
their internships. In particular, we logged each time a
student viewed an alum’s profile page and each click
on the “mailto:” link (an “emailclick”), an action that
initiates a new email from the student to the alum.
For each such emailclick, a precise timestamp and
the ID numbers of the searching student and the
target alum were logged. Thus, rather than relying
on self-reports of past networking, we track actual
emailclick behaviors, coming as close as possible
to observing networking (albeit of one particular
type) directly. Anecdotal accounts suggest that an
emailclick from the alumni database is by far the pri-
mary means by which students initiate contact with
unknown alums.

% All of these data sets are linked through the use of
anonymous identifiers, which enable us to link the data
about individual students and alums with the database
activity logs while protecting the privacy of both students
and alums.

Second, we collected individual-level data about
all living alumni of the school. The alumni data
included each alum’s gender, employer, industry,
and job title and description. The job description
data were selected by alums themselves from a typol-
ogy of 13 possible titles, ranging from “analyst/
associate/consultant” and “student/intern/resident”
to “partner/principal/managing director/VP” and
“CEO/president/chairman.” Overall, the alum popu-
lation is 78.2% male and 21.8% female. If we restrict
the alumni population to those who graduated in the
prior 20, 10, or five years, the proportion of female
alums rises to 30.8%, 31.5%, and 33.3%, respec-
tively, in large part because the school we studied
was all-male in its early history. Female alums are
not confined to particular jobs or industries: if we
restrict the alumni population to those in job func-
tions or industries in which many students seek
employment, the gender composition remains sub-
stantively similar.

Third, we assembled individual-level data on the
students from three sources. The registrar provided
data on each student’s gender, citizenship, native
language, and ethnicity; campus residence status
(i.e., whether they lived on campus or off); class sec-
tion; relative GMAT score;* and marital status. We
also conducted our own survey in October, collect-
ing psychometric data and data on students’ net-
working strategies. And, finally, the career
development office provided data on students’ atten-
dance at company briefings as well as data from two
student surveys. The pre-matriculation survey con-
ducted in August inquired about each student’s
intentions regarding the firms, industries, and job
functions in which they planned to search for intern-
ships. We exclude from our sample 10 students who
indicated that they did not intend to search for
internships because they were pursuing dual degrees
(primarily MD or MBA students) or would be return-
ing to a previous employer.” The internship outcome
survey conducted in May collected information on
students’ self-reported satisfaction with the intern-
ship received; note that this survey was conducted
after the internship offer was signed, but before the
internship began. We also added some items to the
May survey to evaluate the validity of our emailclick
measures.

* For reasons of confidentiality, GMAT data were pro-
vided to us not as raw scores, but as standardized varia-
bles, calculated relative to this cohort of students, with a
mean of 0 and a standard deviation of 1 by construction.

® Note, however, that some dual-degree and sponsored
students indicated that they nevertheless did intend to
search for internships; these were retained in our primary
sample.
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TABLE 1
Descriptive Statistics
Mean SD 1 2 3 4 5 6 7 8 9 10 11
1 Female 0.33  0.47 1
2 emailclick 4.81 9.40 .10 1
3 emailclick_f 1.39  2.90 .25 .79 1
4 emailclick_m 3.42  7.09 .04 .97 .63 1
5 GMAT (SD) —0.01 1.00 —.21 .03 —.06 .06 1
6 Sponsored 0.02 0.15 —.05 —.08 —.06 —.08 —.02 1
7 Native English speaker 0.61 0.49 .04 —.09 .00 -—.11 .06 —.03 1
8 Extraversion 3.39 0.82 —.04 .07 .13 .05 .00 .06 .16 1
9 Search breadth 0.29 0.46 .01 17 .16 .16 .00 —.04 .03 —.02 1
10  On campus resident 0.52  0.50 17 .08 .06 .08 —.02 .00 —.06 .07 —.03 1
11 U.S. citizen 0.64 0.48 .05 —.09 .00 —=.11 —.08 .01 .71 17 —.01 —.05 1
12  Log prior experience 1.74 033 -.08 -.01 -.01 -.01 -.02 -.03 .01 -11 -.01 -.03 -.02

Variables

Our primary dependent variable, emailclick, was a
count variable equal to the total number of clicks on
alums’ “mailto:” links made by each student. We
argue—and below present some evidence to support
this assertion—that this is an excellent proxy for the
number of emails a student initiated to alums with
whom they were not previously acquainted. To
examine the gender distribution of each student’s
networking targets, we split the count of alums con-
tacted into subsets of female (emailclick_f) and male
(emailclick_m) alums; by construction, emailclick =
emailclick_f + emailclick_m.

Our main explanatory variable was Female, coded
as “1” for female students and as “0” for male stu-
dents.® We also created a number of control variables
that are likely to affect networking and on which
women and men might plausibly differ. We expected
that the personality trait Extraversion would be asso-
ciated with intensity of networking behaviors (Forret
& Dougherty, 2004; Shipilov, Labianca, Kalnysh, &
Kalnysh, 2014) and may be associated with gender
(Lynn & Martin, 1997, showed a correlation in the
general population, but Feiler & Kleinbaum, 2015,
found no correlation in an MBA student sample), so
we measured it using the extraversion scale from the

5 At the time of the study, the university only collected
binary information about gender. To avoid confounding
biological sex with gender identity, we included in our
survey instrument the Bem (1974) Sex Role Inventory
(BSRI), which measures masculine and, separately, femi-
nine gender roles. We find weak evidence that people
who identify with male gender roles independent of their
biological sex may reach out to female alumni less and
that women who identify with female gender roles may
reach out to female alumni more. But these results are
muddled by the insignificant main effect of gender and
only appear when gender role is interacted with biologi-
cal sex. Further research is needed to better understand
these results, which appear in Appendix A, Table A4.

Big Five Inventory (John & Srivastava, 1999). We
expected that students who are less occupationally
focused might search more broadly, and that occupa-
tional focus might co-vary with gender (Barbulescu
& Bidwell, 2013), so, using information from the
August career survey, we created a variable Search
Breadth to measure the number of job functions in
which a student expressed an interest in working.
We controlled for demographic characteristics. We
created three dummy variables (Asian, White, and
Other) to control for students’ race and another
dummy variable to indicate whether the student was
a Native English Speaker. We created a dummy vari-
able Sponsored for those students whose tuition was
paid by their past employer in return for a promise
that they would resume their employment after busi-
ness school. Because these students are likely to
return to their employer upon graduation, their job
search motivations—and, consequently, their net-
working patterns—might differ from those students
who are not sponsored (though, in many cases, spon-
sored students still search for a summer internship
with a different employer). Lastly, we included two
measures of human capital. A continuous variable
GMAT (SD) measured the distance in standard devia-
tions between a student’s score on the Graduate Man-
agement Admissions Test and the mean GMAT score
in the sample. And Log Work Experience was the nat-
ural logarithm of the number of years of professional
experience prior to beginning business school. We
calculated years of work experience as the number of
years between the end of the student’s undergraduate
degree and the start of business school, less the num-
ber of years spent in other educational programs, as
indicated in students’ reporting to the registrar.

STUDY 1: RESULTS

We begin by presenting some descriptive statistics.
Means, standard deviations, and inter-correlations
for all variables are presented in Table 1; a histogram
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FIGURE 1
Histogram of the Total Number of Alums
Contacted Per Student, Separated Out by the
Gender of the Student
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Note: The distribution may be skewed slightly to the right for
female students, compared to male students (p = .084).

depicting the distribution of emailclick by student’s
gender appears in Figure 1. To support the validity
of emailclick as a behavioral indicator of networking
activity, we note that students searching for jobs had
more emailclicks than those not searching for jobs
(p < .04) and those who reported in our October sur-
vey that they viewed the alum database as a valuable
job search resource had more emailclicks than those
who did not (p < .001). To further assess the validity
and reliability of emailclicks as a measure of network-
ing activity, we included in the May survey a page in
which we showed respondents the names and
employers of some alums whom server logs indicated
they had previously emailclicked and other alums
whom server logs indicated they did not emailclick.
We then asked them about their interactions with
these alums. We found that, when we observed
an emailclick to a specific alum, students reported
having interacted with that alum 78% of the time;
conversely, when we observed no emailclick, stu-
dents reported having interacted with the alum only
16% of the time.” Given imperfect recall in survey
response and other channels of possible interaction
between students and alums, we found these results
to be strong evidence supporting the validity of
emailclicks.

7 For greater comparability, and recognizing that the
majority of alums have no interactions with students at
all, the non-emailclicked alums were selected from
among those with the highest rates of interaction with stu-
dents other than the focal student.

The distribution of emailclicks across students is
skewed:® about one-third (35.3%) of students did not
emailclick any alums. Overall, we find little evi-
dence of a gender difference in whether or not stu-
dents used the database. Selection models (available
upon request) indicate that gender is not a significant
predictor of positive use of the alum database (p =
.796), so, given equal opportunity to network with
alumni, women take advantage of that opportunity at
a rate equal to that of men. Also, neither key covari-
ate predicts which students choose not to emailclick
any alums. Indeed, the only significant predictors of
positive (versus zero) emailclicks are a stated interest
in jobs in financial services (p = .023) or human
resources (HR) (p = .012). Anecdotally, students
report a belief that financial services is a highly com-
petitive industry in which networking beyond the
formal recruiting process is de rigueur; conversely,
relatively few HR positions are available through on-
campus recruiting, so networking with alums may
be an alternative avenue to finding such a job.

Our descriptive results would seem to confirm the
intuition that the use of the database is closely linked
to internship search activity, especially to early stages
of learning about job opportunities, identifying poten-
tial employers, and networking with employees at
firms of interest. Emailclicks occur disproportionally
before internship offers are received (84.2% for men,
85.3% for women; p = .321); for comparison, the
median internship offer was received on February
10.° We also find that both female and male students
use the database to network broadly: 95% of email-
clicks are targeted at alums who do not work at the
firm where the student ended up interning. This result
also does not differ significantly by gender, whether
we look at all networking activity throughout the year
(p = .363) or only networking activity occurring before
the student received an internship offer (p = .471).

Before moving on to multivariate analyses, we
descriptively examined networking behaviors,
focusing on differences between male and female
students, in Table 2. The most striking descriptive
result is that women, on average, reach out to fully
63% more alums (6.5 vs. 3.99; p = .031) than men
do. Further, this difference appears to be explained
by the facts that women, compared with men, con-
tact nearly three times as many female alums (2.42
vs. 0.88; p < .001) and at least as many male alums
(4.08 vs. 3.10; p = .14). These differences hold up in
non-parametric Mann—Whitney tests, which show

8 But, as our Robustness section (below) indicates, our
results are not driven by outliers.

9 The median male student received an offer on Febru-
ary 11; the median female student received an offer on
February 9.
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TABLE 2
Descriptive Analysis of Networking Behaviors with Alums by Male and Female Job-Seekers

Average male job-seeker

Average female job-seeker

Magnitude of difference (%) p value of difference

emailclick 3.99 (7.73) 6.50 (12.00)
emailclick_f 0.88 (1.69) 2.42 (4.28)
emailclick_m 3.10 (6.46) 4.08 (8.24)

63 0.0310%*
175 0.0007***
(n.s.) 0.1427

Note: Showing mean values (standard deviations in parentheses) and the p values of simple, one-tailed t tests of whether female

job-seekers contacted more alums than male job-seekers, on average.

*p<.05
#5001

that women contact marginally more alums overall
(p = .05); significantly more women (p < .01) but
no fewer men (p = .46). We depict these differences
in Figure 2, a scatter plot of emailclick_m against
emailclick_fby student gender.

Comparing these descriptive statistics to the
alumni population as a whole, we note that, for male
students, the aggregate gender distribution of alums
contacted closely parallels the gender distribution of
the alumni population: collectively, 77.8% of male
students’ emailclicks were to male alums and 22.1%
were to female alums, a distribution that is indistin-
guishable from the gender distribution of the alum
population (p > .40). Female students, however,
directed 37.2% of their emailclicks to female alums,
a rate significantly higher (p < .0001) than women’s
representation in the alums population. If we restrict
our focus to more recent cohorts of alumni, women
consistently over-sample female alums in their net-
working behavior relative to the availability of
women in the “risk set” of available alums; although
men seem to sample at random with respect to gen-
der overall, they do over-sample men in their out-
reach to more recent alums. These patterns are
illustrated in Figure A1 in Appendix A.

We present the results of multivariate Poisson
quasi-maximum likelihood regressions in Table 3,
beginning with control variables.'® Poisson count
models are in the linear exponential family, so the
conditional mean of the data is assumed to be cor-
rectly specified, but no additional distributional
assumption is required to generate consistent coeffi-
cient estimates (Silva & Tenreyro, 2006). We find lit-
tle difference in networking behavior by students of
different races or ethnicities: relative to their White
peers, the Asian coefficient is statistically insignifi-
cant in all models. Students of Other Ethnicities
(other than White or Asian) may use the alum

10 Because U.S. Citizenship is highly correlated (.71)
with Native English Speaker, we drop the citizenship var-
iable to avoid problems of multicollinearity. Results are
substantively unchanged if we retain citizenship instead.

database less. Non-native English speakers may also
use the alum database less, but, again, the effects are
inconsistent. Students engaging in a broad job search
(i.e., those who indicated interest in more job func-
tions on our August survey) tend to use the alum
database more and students whose tuition was spon-
sored by a previous employer—to whom they are
committed to returning—use it less. People with
extraverted personalities use the alum database more,
but the effect is only estimated precisely enough for
statistical significance in interactions with female
alums.

We test for the presence of gender differences in
the number of contacts a student reached out to in
Model 1, where the dependent variable is the total
count of emailclicks. Controlling for other observable
demographic characteristics, we find that female stu-
dents, on average, click on the mailto links of 43%
more alums than their male classmates (e**°° = 1.43;
p < .05). To examine the role of contacts’ gender in
differences in students’ networking, we look to Mod-
els 2 and 3, whose dependent variables are email-
click_f, the count of emailclicks directed to female
alums, and emailclick_m, the count of emailclicks
directed to male alums, respectively. In Model 2,
female students mobilize ties to female alums at 2.27
times the rate of their male classmates (= ¢*%'% p <
.001). Importantly, we find that female students do
not reach out to female alums at the expense of ties
to male alums: Model 3 indicates that women may
also reach out to more male alums, though the effect
size is modest and imprecisely estimated (e”'"* =
1.19; p = .350).

Robustness

These results are robust to numerous alternative
explanations, which we briefly summarize here.
First, our results are not driven by industry effects;
we replicated our core empirical analyses with
industry controls and still found that women reach
out to at least as many men and significantly more
women than men do. Specifically, we replicated
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FIGURE 2
Scatter Plot of emailclick_m against emailclick_f
by Gender, with Random Perturbations to Better
Visualize Discrete Data
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Note: Male students (red dots) are clustered below the line, con-
tacting a disproportionate number of male alums, whereas female
students (blue Xs) are clustered above the line, contacting a dispro-
portionate number of female alums.

TABLE 3
Regressions of Networking Activity with All Alums
(Model 1) and with Female and Male Alums (Models 2-3)
for the Full Sample of Student Job-Seekers

Model 1 Model 2 Model 3
DV emailclick  emailclick f emailclick_m
Female 0.359* 0.822%** 0.171
(0.174) (0.195) (0.187)
Asian 0.0674 0.222 —0.00809
(0.295) (0.309) (0.339)
Other ethnicity ~ —0.575" —-0.331 —0.655"
(0.325) (0.339) (0.360)
GMAT (SD) 0.0132 —0.0731 0.0603
(0.0818) (0.0705) (0.106)
Sponsored —2.025** -1.132* —2.822%*
(0.667) (0.494) (0.985)
Native English —-0.552" -0.171 —0.706*
speaker (0.297) (0.291) (0.352)
Extraversion 0.231 0.360%* 0.185
(0.180) (0.168) (0.197)
Search breadth 0.613* 0.549* 0.633*
(0.257) (0.223) (0.291)
Log work —0.0162 0.0780 —0.0566
experience (0.239) (0.338) (0.233)
Constant 0.791 —1.598 0.873
(0.872) (1.009) (0.919)
Observations 256 256 256

Note: Standard errors in parentheses.
* p <.10

*p<.05

** p<.01

K D <001

the analysis in Table 3 using industry controls
based on students’ stated internship search interests
(Appendix A, Table A1) and, alternatively, based on
the industry in which the student accepted an intern-
ship (Appendix A, Table A2). In these models with
industry controls, we find that the emailclick coef-
ficient on female is positive, though no longer sig-
nificant. This could suggest that women’s greater
propensity to network that we find is at least in
part driven by women seeking jobs in industries
where networking is more prevalent, such as consult-
ing or HR. Nevertheless, consistent with “scouting,”
in all the models with industry controls, we still find
that, compared to men, women reach out to more
female alums (i.e., Bemailclick £ > 0; p < .05) and to no
fewer male alums (i.e., BEmailclick m Cannot be dis-
cerned from 0)."*

Second, the differences do not reflect women pur-
suing a broader job search. We have re-estimated our
models with controls for the number of industries
students expressed an interest in. Across all prelimi-
nary models, these variables were not significant and
their inclusion did not substantively affect our
results.'” Finally, we dropped this control variable
altogether to see whether another covariate (espe-
cially gender) would pick up this variation; these
results were also substantively unchanged.

Third, women might use the online alumni data-
base more heavily than men because they prefer elec-
tronic communication to communicating in person.
Theoretically, if women anticipate gender bias, com-
municating electronically might reduce that bias by
making gender less salient than it would be in face-
to-face interaction. To test for such channel substitu-
tion, we collected data from the career development
staff on students’ in-person attendance at on-campus
company presentations and include the number of
company presentations attended as a covariate in
our emailclick models. We find that attendance at
company briefings has a weak, positive association
with networking via the alum database—that is,

1 Relatedly, we worried that these effects might be
stronger in some industries than others, but unreported
analyses reveal that the effects are substantially the same
for job-seekers who ended up with internships in stereo-
typically male industries (financial services or tech) ver-
sus those who ended up in more gender-neutral
industries (consulting, consumer goods, or health care) or
job functions (general management or marketing).

12 Although our primary use for the company briefing
data described in the next paragraph is to test for channel
substitution, we note that it may also give a more behav-
ioral indicator of search breadth. Substituting the number
of company briefings attended in place of the Search
Breadth variable defined by job functions yielded results
that were substantively unchanged.
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more in-person networking is associated with more,
rather than less, electronic networking—and does
not diminish the networking surplus of scouting. In
all, the evidence available to us suggests that wom-
en’s networking surplus is not attributable to substi-
tution from other communication channels.

Fourth, we worried that, if women receive unhelp-
ful responses to their networking outreach generally
(Abraham, 2020) or more helpful responses from
women (Greenberg & Mollick, 2017), this might spur
additional networking, specifically targeting female
alums. So, we surveyed students about the respon-
siveness and helpfulness of alums to their network
outreach. In the survey conducted in May, students
were presented with a list of alums and asked about
their interactions with each alum and what type of
help (if any) the alum provided. Types of help
included “providing general career advice,”
“informing about a job opening,” and “acting as a
referral.” Using dyad-level, random-effects, linear
probability models, we found no gender difference:
both female and male alums appear to be equally
likely to respond to female and male students and to
provide them with the same amount of help (Appen-
dix A, Table A3).

Fifth, due to the skewness of the emailclick vari-
able, we worried that the effect might be driven by a
few uninhibited outliers engaging in extensive net-
working with alums. As a robustness check, we rep-
licated Table 3 using a subsample of students that
excludes those who contacted at least 20 alums. In
these analyses, the gender difference in emailclick,
and emailclick_f, diminishes slightly in magnitude,
but is otherwise substantially similar, suggesting
that these are not outlier effects.

Finally, we were concerned that the gender differ-
ence we observe could be the compensatory result of
women’s weak pre-MBA networks. Although we lack
data to assess this mechanism directly,"® we attempt
to address this possibility indirectly by examining
function- and industry-switchers: those students
who accepted internships in a job function or an
industry different from their pre-MBA work experi-
ence. We focus on this subset of job-seekers because,
regardless of gender, their prior work experience is
likely to have left them with pre-existing networks
that are of relatively little value in finding their

3 The most direct way to assess this mechanism would
be to measure the outside networks of MBA students—for
example, as represented on LinkedIn, a business and
employment-oriented online social network—and com-
pare men’s and women’s networks. However, LinkedIn’s
privacy policy precludes us from obtaining the data nec-
essary to assess network size, let alone structure or
quality.

subsequent employment. If the mechanism underly-
ing the gender gap in networking behavior stems
from women’s desire to compensate for their weaker
pre-existing networks, then we should expect that,
in this subsample, where both men and women lack
relevant professional networks, the gender differ-
ence in networking should be attenuated or elimi-
nated entirely. Across all of these subsamples of
switchers, the gender surplus in networking persists,
and, indeed, is even larger than in the full sample:
compared to their male peers, female switchers net-
work with more than double the number of alums.
We interpret this as evidence inconsistent with a
mechanism of compensation for weak pre-existing
network. Finally, we note that women and men are
equally likely to switch job functions (p > .12),
industries (p > .26), or both (p > .32), so the increase
in the gender gap in networking activity is not the
spurious result of a gender difference in propensity
to change jobs.

Thus, to summarize the core result of Study 1,
when a group of MBA students is presented with the
same pool of potential contacts for networking,
women reach out to male alums at a rate that is com-
parable with that of their male counterparts; in addi-
tion, they consistently reach out to significantly
more female alums. Furthermore, we tested and
found little evidence for various explanations of
these results. Our quantitative results suggest that
these patterns are not explained by differences in
characteristics of industries in which women and
men seek jobs; by the breadth of their job-searches;
their preference for communication medium; by the
responses they receive from alumni; or by the
strength of their pre-existing networks. What, then,
explains the incremental networking behavior
engaged in by women?

STUDY 2: METHODS

To investigate more deeply why women manifest
this networking surplus, we conducted two sets of
follow-up interviews to elucidate two specific ques-
tions raised by the quantitative results. To answer
the first question—What benefits do female job-
seekers get from networking that men do not’—a
team of MBA research assistants (5 men and 5
women) conducted 41 exploratory interviews in
May 2017 with 20 female and 21 male MBA stu-
dents. The interviews included questions about
what students hoped to get out of networking, how
they accessed organizational fit, and asked students
to describe one or two specific experiences with
alumni networking (see Appendix B, “Interview
Guide for Round 1 Interviews”). The average
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Author’s Voice:
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change as you worked on it?

interview length was 20 minutes. The interviews
were recorded and professionally transcribed.

In order to allow gender differences to emerge
unprompted, we wanted to keep these interviews
conversational and informal. As MBA students often
compare notes on the interview process, we recruited
MBA students to conduct these interviews in order to
put informants at ease and reduce social desirability
bias. We worried that a researcher who was familiar
with the research question might inadvertently signal
to subjects what kinds of things we were interested in
or looking for. Using interviewers who are blind to
the research question avoided this potential source of
bias. MBA research assistants were completing an
intensive research-based, seminar-format course that
required them to read original research papers and
discuss them. Thus, they had some exposure to
research methods, both quantitative and qualitative.
Second, we gave them a brief primer in conducting
qualitative interviews, emphasizing the importance
of an open-ended interview process.

To keep the interview process as natural as possi-
ble, we also did not place restrictions on whom stu-
dents could interview, aside from encouraging them
to interview a roughly equal number of women and
men. Our interview subjects are indistinguishable
from the broader cohort of students in terms of their
gender (t = 0.401) and marital status (t = —0.473);
they are slightly more likely to be U.S. citizens (81%
vs. 65%; t = —2.30; p < .05) and are younger by a sta-
tistically significant, but practically meaningless,
amount (27.4 vs. 28.4 years old; t = 3.63; p < .001).
While we do not claim that the resulting sample is
representative of the student population in the pro-
gram we studied, it did result in a balanced sample
reflecting the diversity of the students in the pro-
gram, including 28 White students and 12 ethnic
minority students, 36 single students and 4 married
ones.

We used a four-step, inductive theme-development
approach (Gioia, Corley, & Hamilton, 2012) to analyze
these qualitative data. In Step 1, we identified first-
order concepts using students’ own terms. In Step 2,
we grouped first-order concepts into a smaller num-
ber of second-order emergent themes. After iterating
between student’s terms and emerging themes (Locke,
2001), we arrived at a preliminary list of themes. In
Step 3, using this list, we identified themes with
important differences between female and male MBA

students. In Step 4, to further refine our second-order
themes, we repeated Steps 2—4 for those themes that
exhibited substantial gender differences. For example,
while our preliminary list of themes included
“work-life balance,” closer reading of the first-order
concepts grouped under this theme revealed that
women were more concerned than men about one
specific subset of work-life balance issues: those
relating to parenting. Iterative cycles of transcript-
reading and discussion revealed two themes—gen-
der dynamics and support for parenting—that only
appeared in interviews with women, reflecting wom-
en’s concerns that were not shared by men.

After we identified these themes, and to answer a
second question raised by the results above—Why
do women scout with other women?—one of the co-
authors conducted five additional explanatory inter-
views with female MBA students in September
2018. As the interviews aimed to reveal and explain
motivations behind behavior observed in explor-
atory interviews, we asked open-ended questions
about what they gained from networking with other
women, why they thought it was important to net-
work with other women, and their interpretation of
our results (see Appendix B, “Interview Guide for
Round 2 Interviews”).

STUDY 2: RESULTS
Schmoozing versus Scouting

As the data structure in Table 4 shows, our explor-
atory interviews revealed many similarities in how
female and male students approached job-search net-
working, but also two striking differences. To start,
we found that both female and male students used
networking to “schmooze”—that is, to explore career
opportunities, including learning about industries,
roles, and career strategies, to identify job leads, to
obtain interview help, referrals, and even advocacy.
Furthermore, both female and male students sought
information about the internal workings of firms in
order to assess their potential fit. Collectively, we
term this behavior “schmoozing,” and it is the facet
of job-search networking that is most widely per-
ceived and understood.

However, two themes came up in exploratory inter-
views with female job-seekers about their job-search
networking that did not come up in conversations
with male job-seekers. These themes concerned gen-
der dynamics and employers’ support for parenting.
Collectively, we term the incremental networking that
women do to explore these issues “scouting.” Out of
20 women interviewed, nine women brought up at
least one of the themes comprising scouting, whereas
none of the men did. Importantly, these issues came
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TABLE 4
Data Structure Derived from First-Phase Exploratory Interviews

Objective Women

Men

Schmoozing

Instrumental help e “figure out if X was hiring”

e “what the company is looking for and how to
prepare myself for the interview”
e “get my resume picked out of the pile”

¢

Career opportunities e “zeroing in on something in the industry that

was a trend”

¢ “hoping to understand is this for me, is this

e “opportunities at the firm”

e “to get vocabulary to talk intelligibly for
when I actually have interviews”

“make a good impression that would
lead to a hire”

“tell me your story, what’s exciting in
industry X”

“learn about X position, how X worked”

industry for me, is this company for me”

e “what skills companies looking for to prepare

at X business school”
Organizational culture
each company”

e “could I hang out with people in the office?”

e “sustainability of personal life and work”

Scouting
Gender dynamics

Support for parenting
kids”
e “maternity leave policies”

“understand what was helpful to come
into the job with”

e “trying to understand what is unique about e “looking for fit—a job I would do for a

long time”

¢ “the language, the style, sense of goals
and ambitions”

o “work-life balance”

e “how receptive was the company to women”
o “ask about women at VP level”
e “how colleagues perceived co-workers with

Note: First-order themes with examples of first-order concepts in quotes.

up unprompted, suggesting that they are relatively
top-of-mind for a significant number of female job-
seekers. Furthermore, women across industries
brought up these issues, signifying that they are not
unique to those who enter stereotypically masculine
industries, such as finance and technology, or those
who enter more gender-neutral industries, such as
health care and consulting.

In our exploratory interviews, seven women
(35%) brought up workplace gender dynamics as a
topic that they explored in their networking. For
example, when asked about how she assessed fit,
Avery (F10), mentioned that considering how open
the company was to women was an important factor
in her decision-making:

I wanted to know how receptive the company was to
women ... I also asked questions in the call about
how is the experience of women at these organiza-
tions, on how people socialize there, work-life bal-
ance, etc.

Another student, Lucy (F18), related a long con-
versation with a female alum who described a time
when the employer gave sports vests as company
gifts, without realizing that such vests were more
suitable as business casual attire for men than for
women. Lucy noted that that she enjoyed the conver-
sation because it candidly acknowledged the types

of issues women are likely to encounter in a consult-
ing career:

I like when I meet women who recognize that there is
a problem with women in consulting. Who aren’t
like, “Oh, well I got here, so it’s fine.”

We also found that, throughout our interviews,
female MBAs reported asking more questions and
more specific questions about work-life balance (e.g.,
flexible hours, need for travel). More tellingly, support
for parenting was one aspect of work-life balance that
did not arise in interviews with men at all, but was
mentioned by five women (25%). This is particularly
striking, given that only one woman in our exploratory
interview sample was a parent. Kate (F4), for example,
described asking about maternity leave policies as well
as other issues affecting employees with children:

I asked a lot about maternity leave policies. And also
asked about the flexibility with work-life balance
post having kids. If they [the alums] have kids or if
they didn’t have kids, how they perceived their cow-
orkers with children, since that would be a factor
fairly shortly after I start.

Another student, Jen (F-13), also asked about sup-
port for women with children:

Isaid, “I don’t mean to bring this up, I'm not married,
I'm not having kids any time soon, but I do want to
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build a career at a bank. So, I want to understand
what is the support like for women having children?”

This finding is consistent with research that sug-
gests that women are more likely to ask for parenting
accommodations openly, while men seek them
through informal means, partly because corporate
policies are more likely to target women than men
(Reid, 2015).

Shared Minority Status and Gender Homophily
in Scouting

To further explore why women network with
more women, we conducted five additional inter-
views wherein we specifically asked students for
their interpretation of our results. In these inter-
views, women noted that they found it more com-
fortable to approach other women and that they
expected women to be more helpful. For example,
Bella (F21) noted that, in choosing networking tar-
gets, she “just gravitated towards younger females.”
Amal (F25) described that she assumed that “a
woman will see the email and respond, and maybe it
is intimidating to email someone you do not know
... [With a woman] it is easier to form a connection,
which is kind of what you want from these calls.”
Similarly, Alexandria (F23) noted:

I assumed women will be more receptive to my pitch.
And sometimes ... if I am reaching out to a gentle-
man, for better or for worse, I feel more under the
microscope ... This might come off bad, but, as a
woman, I will always be objectified in a certain way.

We also find that MBA women approached female
alums because they assumed that other women con-
front similar obstacles to professional advancement
that men do not. For example, Nina (F25) told us that
she sought information about gender dynamics from
women because men did not directly experience them:

I think, if there are issues with how women are
treated differently from men, they are going to be real
with you about it. It’s harder for a man to do if they’re
not directly experiencing it.

Similarly, Pooja (F24) found that, when she was
asking questions about maternity leave and support
for employees with children, women knew better
“where [she] was coming from”:

Another woman would ... know where I'm coming
from when I'm asking these questions. They probably
thought through the same issues. ... I feel like you're
more likely to find a woman who’s done that thinking
than you are to find a man.

In addition, we find that female job-seekers hoped
that reaching out and connecting to these female

Author’s Voice:
Was there anything that surprised ‘ )>>
you about the findings?

alums was a first step in forming a supportive rela-
tionship for the future because of their shared minor-
ity status. For example, Lucy (F18) related that,
when a classmate mentioned a sister who was work-
ing the same industry and was also an alum, Lucy
reached out because she hoped this classmate’s sister
was going to become her friend:

She’s probably going to be my friend, which was the
goal at this point. If she said, “My brother does the
same thing,” I wouldn’t reach out to her, but, in par-
ticular because she was a woman, I felt a special
connection.

In contrast, women were reluctant to discuss these
issues with men. For example, in investigating pro-
spective employers, Bella (F21) wanted to learn
about women in leadership positions, gender pay
differences, and misogyny in the workplace. Yet, she
was reluctant to brings these issues up with male
alums, noting “I don’t know that I ever would have
felt comfortable asking a man about those things.”

In summary, the qualitative evidence in Study 2
indicates that the women’s networking surplus docu-
mented in the quantitative evidence of Study 1 is
attributable—at least in part—to women’s homophi-
lous networking to better understand issues around
gender dynamics in the workplace and an organiza-
tion’s support for parenting. These results may
reflect that many of these women are entering jobs in
firms and industries that remain disproportionally
male, where concerns about gender dynamics are par-
ticularly salient. It is also not surprising that, for some
of these women—who are in their late 20s and early
30s—parenting becomes an important concern. What
is striking about our results is how starkly absent these
concerns were for the men we interviewed, and the
extent to which the women we interviewed assumed
that male alums might lack the knowledge or willing-
ness to discuss these issues with women.

DISCUSSION

Networking behaviors are a potentially important
factor driving gender differences in social networks
and contributing to the gender gap in career achieve-
ment, yet we know little about how and why gender
shapes networking behavior. To answer these ques-
tions, we focused on students’ job-search networking
in an elite MBA program, a setting that has the
important advantage of giving women and men
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access to an identical pool of contacts. The results of
Study 1 suggest that female job-seekers, while reach-
ing out to the same number of male alums as men
did, also reached out to significantly more female
alums. Qualitative interviews in Study 2 suggested
an explanation for this difference—that, in addition
to networking for information and access, just as
men do, women engage in incremental networking,
mostly with other women, to access two aspects of fit
that men were less concerned about: gender dynam-
ics and support for parenting. Taken together, these
results suggest that, in addition to the schmoozing
that men also do, women engage in scouting, a
heretofore-unexamined gender-homophilous form
of networking aimed at finding employers and career
options where they will have the best chance of pro-
fessional success. Importantly, women do not con-
tact more women at the expense of contacting men:
women engage in scouting in addition to doing all
the same schmoozing that men engage in.

Our data suggest little association between net-
working activity and individual-level outcomes:
once we control for the industry of the internship,
we do not find gender differences in internship
salary, satisfaction, or timing of receiving an offer
(unreported results). There are a number of ways to
interpret these results. It is possible that our outcome
measures were not nuanced enough to pick up genu-
ine differences. It is possible that our highly struc-
tured setting solves some empirical challenges (e.g.,
giving men and women an equal opportunity set of
potential contacts), but creates others (e.g., intern-
ship programs may have uniform salaries for all can-
didates). However, it is also likely that the lack of the
association is due to an endogeneity in networking
behavior. Consider that people who network the
most might be people who had the hardest time find-
ing a job (e.g., Datcher Loury, 2006). If this is the
case, the association between emailclicks and out-
comes might, in fact, be negative. Only future
research with a different research design can lead to
an accurate causal interpretation.

While our analysis focused on gender, we suspect
that other negatively stereotyped minorities also
engage in “scouting.” Data limitations precluded us
from a rigorous quantitative analysis of whether racial-
ized minorities engaged in scouting, but our inter-
views yielded some evidence of scouting among
women of color and international students. For exam-
ple, Bola (F19), a Black woman, related that she partic-
ularly valued discussions with—and deliberately
sought out—people “like herself” to better understand
what her experience at a particular firm might be like:

When I was talking to alums, the ones that I felt that I
could connect with the most—so it’d be women or
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minorities—I asked them questions about fit because
I knew that they would be able to give me a perspec-
tive that would be of value to me. ... There would be
no point asking somebody that I felt was very differ-
ent from me, and ... because, if they enjoy the fit, I
may not... I would level up and be, “Just tell me
exactly how it is over here.”

This sentiment was echoed by Alexandria, a Latina
woman (F23), who reported that, when networking,
she “was excited if there was a woman of color or per-
son of color.” We leave it to future research to more
systematically examine the intersectional question of
whether networking behavior varies by race or other
social status and whether scouting plays a similar role
for other racialized minorities and international stu-
dents as it does for women.

Scouting as “Discrimination Insurance”

As such, scouting constitutes a kind of
“discrimination insurance” that is costly to women,
but which, they hope, will prevent larger challenges
later. One way in which scouting as “discrimination
insurance” manifests itself can be found in discus-
sions prompted by the #MeToo movement, which
emerged on social media in the fall of 2017 and
which brought to light the existence of “whisper
networks” (Creswell & Hsu, 2017). Whisper net-
works are reputed to discuss workplace sexual mis-
conduct, harassment, and assault, but also more
mundane areas in which women might encounter
gender-based obstacles, like how to handle office
politics, salary negotiations, promotion processes,
and work-life balance issues. Journalistic reporting
in the wake of the #MeToo movement has revealed
many anecdotes of women in media, technology, and
finance who relied on such networks, but, as their
name suggests, they have eluded systematic research.
Our results suggest that these “whisper networks” are
not an isolated phenomenon related to sexual mis-
conduct, harassment, and assault, but rather one—
perhaps the most extreme—manifestation of wom-
en’s attempts to “scout out good jobs” by seeking and
sharing information with other women.

While scouting has these benefits, it is costly to
women who engage in it. The most obvious cost in
our context is the time and effort required in net-
working, an activity that many consider to be
unpleasant (Casciaro et al., 2014; Kuwabara et al.,
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2018). Because time is the scarcest resource of all
busy professionals, the incremental networking that
women do must come at the expense of other activi-
ties. Given time constraints, reaching out to more peo-
ple can be carried out at the expense of deepening
existing networking ties. This might be particularly
harmful for women, for whom research suggests it is
important to have an inner circle of strong ties (Burt,
1998; Yang et al., 2019). Such “functionally differenti-
ated networking” also likely leads to the evolution
of functionally differentiated networks, in which
women seek and receive emotional support and help
from women, while they turn to men for instrumental
help (Ibarra, 1992).

An interesting implication of the “discrimination
insurance” metaphor is the possibility that the insur-
ance is simply too costly for some women."* That is,
some women who did not explore issues related to
gender dynamics and support for parenting with their
network contacts may have avoided doing so, despite
holding such concerns, perhaps because they are too
busy to invest in scouting or perhaps out of fear of the
signal that doing so might send (e.g., getting labeled as
“difficult” or as “mommy track”; Reid, 2015). The
possibility that scouting sends a potentially negative
signal was brought up by one of our respondents, Jen
(F-13). Interestingly, she argued that, by asking poten-
tially stigmatizing questions about a firm’s gender rep-
resentation at the VP level and its support for
parenting, she believed that she was signaling to
potential employers her interest in a long-term career,
because, “if a woman isn’t asking you those questions,
you can’t believe that she actually wants to work at
this firm long term.” Unfortunately, our research
design did not enable us to assess how often this
occurred—that is, we did not ask informants who did
not raise such concerns why they did not. We leave it
for future research to explore the long-term career con-
sequences of scouting (or not scouting) as well as how
the signals sent by scouting are received by others.

IMPLICATIONS AND CONCLUSION

Our study contributes to the growing literature on
networking in professional contexts. Our finding—
that, in job search, women engage in incremental
scouting with other women, in addition to doing the
same schmoozing that men do—is at odds with the
results of the other research into job-related network-
ing behaviors, which have found little evidence of
gender differences in networking intensity or in net-
working styles (Aldrich et al., 1989; Bensaou et al.,
2014; Casciaro et al., 2014; Forret & Dougherty, 2004).

1% We are grateful to an anonymous reviewer for this
intriguing insight.

Author’s Voice:
What is the social relevance of your ‘ )>>
research?

This discrepancy has two important implications.
First, it provides additional support to our interpreta-
tion that the women’s networking surplus we
observed is linked to concerns about professional
opportunities for women, rather than women’s inher-
ent propensity for sociability or homophily. Second,
it underscores the importance of future research on
networking to explore systematically what resources
women and men seek through networking to eluci-
date in which contexts gender differences in net-
working are likely to emerge.

This study also makes two significant contributions
to the literatures on networks and gender. To start, our
study suggests that, at least in the present context, gen-
der homophily in women’s job-search networking is
not a product of men rebuffing women’s networking
attempts (cf. Mehra et al., 1998), but, rather, of the
unique benefits same-gender relationships offer to
women. Prior research on gender and networks (e.g.,
Ibarra, 1992, 1997; see also Kleinbaum et al., 2013) has
often found it difficult to determine whether gender
homophily in intra-organizational networks results
from men’s exclusion of women, or women’s pursuit
of same—same relationships. We find, consistent with
other studies that describe the benefits of same-gender
relationships for women (Ibarra, 1992, 1997; Yang
et al., 2019), that, during networking, women actively
seek out other women because they seek unique
gender-relevant resources from these relationships.

Our study also shines new light on the gendered
processes of tie formation and mobilization. Despite
the evidence that the benefits individuals derive from
social networks do not explain how they create and
mobilize social ties (Buskens & van de Rijt, 2008;
Kwon & Adler, 2014; Obukhova & Lan, 2013; Ryall &
Sorenson, 2007), most research in the social network
field has focused on network structure, largely neglect-
ing the agentic processes of tie formation (Casciaro
et al., 2014; Kleinbaum, Jordan, & Audia, 2015; Kneel-
and, 2019; Kuwabara et al., 2018). The neglect of atten-
tion to these processes is problematic for future
development of the social network field, as it tries to
understand not only career consequences of individ-
ual differences in networks, but also processes that
give rise to these differences in the first place (Ahuja,
Soda, & Zaheer, 2012; Kilduff, Tsai, & Hanke, 2006;
Kleinbaum, 2012, 2018). By isolating the role of gender
in giving rise to individual differences in networking
outreach, our study makes an important step toward
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revealing processes that lead to individual difference
in networks. And, by revealing differences in how
individuals network, our study brings us one step
closer to understanding the role of agency in social
networks.

Our study suggests important new directions for
the research on gender in the labor market. Prior
research suggests that women pre-emptively steer
out of jobs where they expect to encounter hiring dis-
crimination, hostile work cultures, and other gender-
based obstacles (Fernandez-Mateo & Fernandez,
2016; see also Barbulescu & Bidwell, 2013; Gold-
smith et al., 2004), yet we are only beginning to
understand how they make such decisions. Some
studies show that, to form some of these judgements
about an employer’s culture, women use publicly
available signals, such as the gender of the CEO
(Campero & Kacperczyk, 2019) or the language used
in the recruitment presentation (Wynn & Correll,
2018). Our study shows that networking can be
another important mechanism through which
women assess fit with potential employers and eval-
uate career options. Together with the revelations
about the importance of women’s networks in male-
dominated industries brought forth by the #MeToo
movement, our study suggests the need for future
research to explore how networking can inform
women’s labor supply decisions.

Like all research, this study is not without limita-
tions. One limit on the generalizability of our results
stems from features of the MBA setting itself. Our set-
ting offered a unique opportunity to study network
outreach using a combination of digital data and
qualitative interviews. This setting also offered an
equal opportunity set of potential contacts (i.e., the
alumni database) to all students of both genders,
equalizing the opportunity structure for networking.
And, to a first approximation, all job-seekers in this
setting are comparable in their human capital. How-
ever, these benefits come at a significant cost. It goes
without saying that this population is selected from
the broader population in a decidedly non-random
way, so we cannot know the extent of generalizabil-
ity of our results. Furthermore, MBA programs go to
significant lengths to remove structural barriers to
women networking; for example, by encouraging
networking to take place in gender-neutral spaces.
And, while work by Shih (2006) on Silicon Valley
White female engineers suggests the possibility that
scouting may not be unique to MBA women, we
leave it for future research to investigate how gender
shapes networking in other parts of the labor market.

In spite of these limitations, our study has signifi-
cant practical implications for organizational and
societal efforts to promote gender equity. Our work
highlights that, until society can remove the barriers

that women (and, perhaps, other negatively stereo-
typed minorities) face in the workplace, resources
like alumni databases offer the potential benefits of
providing them with access to networking opportuni-
ties. While many employers have realized the impor-
tance of using diverse recruiting teams to provide job
candidates with opportunities to interact with some-
one like them (Lockwood, 2006) in order to learn
informally about a prospective employer (Rivera,
2015: 46, 70), our study highlights that contacts can
be sourced by candidates themselves using alumni
databases. This is important, as, increasingly, it is
not only universities but also firms who think about
their former affiliates as alumni (e.g., Burkis, 2016;
“Corporate Alumni,” 2014) and as Internet technolo-
gies make such databases of potential contacts more
accessible than ever before. Our results suggest that
these institutional efforts to create networking oppor-
tunities are a valuable response to gender-based bar-
riers in the workplace, in that they give women
greater, if costly, opportunity to “scout for good jobs.”
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APPENDIX A
SUPPLEMENTARY ANALYSES FOR STUDY 1

FIGURE A1
Students’ Networking Choices (by Gender)
Relative to the Risk Set of Available Alumni
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TABLE A2
Regressions of Networking Activity with All Alums
(Model 1) and Female and Male Alums (Models 2-3)
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TABLE A1
Regressions of Networking Activity with All Alums
(Model 1) and with Female and Male Alums
(Models 2-3)

Model 1 Model 2 Model 3
DV emailclick emailclick_f emailclick_m
Female 0.222 0.629%* 0.0465
(0.207) (0.200) (0.228)
Asian —0.0379 0.238 —0.165
(0.318) (0.292) (0.364)
Other -0.501" —0.247 —-0.583"
(0.289) (0.276) (0.343)
GMAT (SD) —0.0134 —0.106 0.0380
(0.106) (0.0776) (0.134)
Sponsored —2.007** -1.123% —2.794%*
(0.697) (0.495) (1.007)
Native English speaker —0.394 —0.0412 —0.546
(0.351) (0.291) (0.418)
Extraversion 0.224 0.327%* 0.180
(0.140) (0.124) (0.158)
Search breadth 0.566* 0.445% 0.625%
(0.232) (0.214) (0.270)
Log work experience —0.0608 0.0876 —0.115
(0.270) (0.358) (0.270)
Interest in consulting 0.546* 0.0140 0.737**
(0.221) (0.318) (0.238)
Interest in finance —0.204 —0.396" —0.143
(0.181) (0.241) (0.201)
Interest in general —0.351 0.0321 —-0.493"
management (0.288) (0.474) (0.297)
Interest in human 0.883** 0.602* 0.989%*
resources (0.325) (0.295) (0.358)
Interest in info tech 0.382 0.255 0.424
(0.247) (0.261) (0.269)
Interest in marketing 0.108 0.528* —0.0458
(0.209) (0.246) (0.225)
Constant 0.620 —1.700* 0.680
(0.717) (0.789) (0.812)
Observations 256 256 256

Note: Standard errors in parentheses. Table shows results
for the full sample of student job-seekers (as in Table 3),
controlling for each student’s ex ante career interests.

*p< .10
* p <.05
**p <.01
X D <001

Model 1 Model 2 Model 3
DV emailclick emailclick_f emailclick_m
Female 0.308 0.666* 0.156
(0.233) (0.261) (0.250)
Asian 0.195 0.345 0.122
(0.280) (0.276) (0.331)
Other —0.452 —0.229 —0.528
(0.355) (0.346) (0.409)
GMAT (SD) —0.107 —0.225% —0.0460
(0.110) (0.0922) (0.133)
Sponsored —1.976%* —1.293* —2.652%*
(0.706) (0.572) (1.004)
Native English —0.504 —0.109 —0.666
speaker (0.334) (0.285) (0.413)
Extraversion 0.348 0.462%* 0.305
(0.213) (0.168) (0.235)
Search breadth 0.688* 0.562* 0.737%
(0.286) (0.241) (0.317)
Log work experience —0.497 —0.239 —0.600
(0.396) (0.526) (0.396)
Consulting 0.466 0.156 0.635
(0.428) (0.411) (0.505)
Energy —0.343 —0.944 —0.0696
(0.529) (0.581) (0.623)
Financial services 0.640 0.173 0.849
(0.482) (0.482) (0.557)
Government 0.959 —0.0900 1.334"
(0.640) 0.773) (0.693)
Manufacturing 0.728* 0.476 0.857*
(0.364) (0.429) (0.398)
Media, sports, 0.818 0.700 0.907
entertainment (0.615) (0.661) (0.781)
Pharma, biotech, 0.888 0.688 0.995
healthcare (0.546) (0.565) (0.679)
Real estate 1.903 0.110 2.428"
(1.234) (1.236) (1.283)
Retail 0.771 0.716 0.785
(0.535) (0.495) (0.619)
Technology 0.588 0.476 0.666
(0.502) (0.494) (0.575)
Constant 0.594 —1.683 0.601
(0.946) (1.027) (1.030)
Observations 214 214 214

Note: Standard errors in parentheses. Table shows results f the
full sample of student job-seekers (as in Table 3), controlling
for the industry of each student’s eventual internship.

Tp<.10
*p <.05
** p <.01
E p <001
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TABLE A3
Random Effects Linear Probability Models with Errors Clustered by Student Predicting the Level of Help a Student
Received as a Function of the Student’s and the Alum’s Gender

(6) (7) (8) 9 (10) (11) (12) (13) (14)
DV Any help Costly help Referral Any help Costly help Referral Any help Costly help Referral
Female student —0.0184 0.0283 —0.00462 —0.0111 0.0242 —0.00398 —0.0244 0.0458 —0.0128
(0.0398) (0.0514) (0.0173)  (0.0397) (0.0511) (0.0171)  (0.0421) (0.0577) (0.0176)
Female alum —0.0679* —0.00235 —0.00324 —0.0845" 0.0243 —0.0138
(0.0342) (0.0376) (0.0158)  (0.0438) (0.0488) (0.0196)
Female student X 0.0471 —0.0762 0.0306
Female alum (0.0679) (0.0764) (0.0338)
Asian 0.0207 0.0301 —0.0281 0.0249 0.0325 —0.0281 0.0251 0.0328 —0.0281
(0.0423) (0.0651) (0.0239)  (0.0424) (0.0652) (0.0239)  (0.0426) (0.0655) (0.0237)
Other 0.0208 0.0713 —0.0420 0.0221 0.0726 —0.04227 0.0247 0.0701 —0.0409
(0.0740) (0.0893) (0.0256)  (0.0736) (0.0893) (0.0256)  (0.0746) (0.0895) (0.0253)
GMAT (SD) —0.00614 —0.0151 0.00447 —0.00755 —0.0157 0.00444 —0.00684 —0.0169 0.00485
(0.0139) (0.0229) (0.00619)  (0.0140) (0.0229) (0.00624)  (0.0140) (0.0232) (0.00642)
Sponsored 0.0623%  —0.0678 —0.0526%* 0.0679"  —0.0669 —0.0524%* 0.0669"  —0.0642 —0.0530%*
(0.0355) (0.119) (0.0176)  (0.0357) (0.119) (0.0173)  (0.0356) (0.120) (0.0173)
Native English speaker ~ 0.0889"  —0.0103  —0.0400 0.0885"  —0.0107  —0.0401 0.0871"  —0.00772  —0.0413
(0.0494) (0.0592) (0.0266)  (0.0497) (0.0592) (0.0266)  (0.0497) (0.0601) (0.0267)
Extraversion 0.0143 0.0667** 0.0175* 0.0143 0.0668** 0.0175* 0.0136 0.0678** 0.0171*
(0.0168) (0.0250) (0.00841) (0.0168) (0.0250) (0.00841) (0.0167) (0.0252) (0.00823)
Search breadth 0.00230 0.0121 —0.0150 0.00650 0.0138 —0.0149 0.00876 0.0101 —0.0134
(0.0282) (0.0491) (0.0139)  (0.0284) (0.0489) (0.0140)  (0.0281) (0.0495) (0.0142)
Log work experience —0.0586 -0.143" 0.0126 —0.0546 —0.145" 0.0129 —0.0527 -0.148" 0.0140
(0.0555) (0.0785) (0.0502)  (0.0542) (0.0786) (0.0502)  (0.0543) (0.0795) (0.0502)
Constant 0.8877%+* 0.255 —0.00503 0.893%** 0.258 —0.00482 0.895%+* 0.252 —0.00281
(0.136) (0.186) (0.0946)  (0.135) (0.186) (0.0946)  (0.134) (0.188) (0.0937)
Observations 580 580 580 579 579 579 579 579 579

Notes: Standard errors in parentheses. Students were asked about the following types of help: “provided general career advice,”
“provided general advice about how to find an internship,” “informed me about a job opening,” “gave feedback on my resume, cover
letter, etc.,” “introduced me to his/her contacts, “put in a good word for me at his/her company,” and “acted as a formal referrer for
me.” We coded these outcomes using three dummy variables, representing different levels of help: Any Help was coded as “1” if the
student reported receiving any type of help and “0” if the student indicated that the alum did not provide help of any type; Costly
Help was coded as “1” if the student received an “introduction,” a “good word,” or a “referral,” and as “0” otherwise; and Referral was
coded as “1” if the student received a specific job referral and “0” otherwise. Note that Costly Help and Referral both imply that the
alum was willing to put his or her own reputation on the line for the student; as such, these are potentially costlier for the contact.

Tp<.10

*p<.05

** p<.01

K D <001
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TABLE A4
Results of Models That Add the Bem (1974) Sex Role Inventory (BSRI) Femininity and Masculinity Indices
(Models 1-3), Along with Their Interactions with Biological Sex (Models 4-6)
Model 1 Model 2 Model 3 Model 4 Model 5 Model 6
emailclick emailclick_f emailclick_m emailclick emailclick_f emailclick_m
Female 0.419* 0.852%** 0.241 —2.495 —2.727 —2.462
(0.170) (0.186) (0.192) (1.801) (2.018) (1.882)
Asian 0.0518 0.211 —0.0230 0.0718 0.233 —0.00393
(0.291) (0.307) (0.332) (0.293) (0.309) (0.337)
Other -0.579" —-0.337 -0.657" —0.555" —0.309 -0.634"
(0.316) (0.333) (0.347) (0.301) (0.341) (0.328)
GMAT (SD) 0.0235 —0.0677 0.0713 0.00180 —0.0947 0.0517
(0.0810) (0.0711) (0.102) (0.0845) (0.0745) (0.110)
Sponsored —1.977%* -1.126* —2.758%* —1.874** —0.982* —2.672%*
(0.653) (0.478) (0.984) (0.652) (0.471) (0.976)
Native English speaker —0.606" —0.206 —-0.761* -0.528 -0.104 -0.692"
(0.311) (0.292) (0.365) (0.336) (0.311) (0.394)
Extraversion 0.267" 0.388* 0.221 0.250 0.374* 0.204
(0.152) (0.158) (0.166) (0.156) (0.154) (0.173)
Search breadth 0.589* 0.534%* 0.607* 0.591* 0.534* 0.609*
(0.241) (0.216) (0.273) (0.235) (0.208) (0.267)
Log work experience —0.0130 0.0765 —0.0490 —0.0102 0.0749 —0.0458
(0.236) (0.336) (0.231) (0.249) (0.343) (0.244)
BSRI femininity 0.152 0.0515 0.176 0.220 0.135 0.240
(0.249) (0.211) (0.279) (0.320) (0.287) (0.336)
BSRI masculinity —0.315 —0.174 —0.352 —0.543" —0.540* -0.539"
(0.251) (0.250) (0.272) (0.289) (0.266) (0.315)
BSRI fem. X Female -0.316 -0.321 —0.320
(0.474) (0.430) (0.555)
BSRI masc. X Female 0.881 1.020" 0.842
(0.600) (0.555) (0.690)
Constant 1.519 —1.058 1.650 2.300 0.305 2.263
(1.455) (1.416) (1.556) (1.482) (1.310) (1.582)
Observations 256 256 256 256 256 256

Note: Standard errors in parentheses.

Tp<.0
*p<.05
¥ p<.01
K p <001
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APPENDIX B
INTERVIEW GUIDES FOR STUDY 2
INTERVIEW GUIDE FOR ROUND 1 INTERVIEWS

Demographics
What are your [University] class year/gender/age/
marital status/prior job?

What industry/industries did you recruit for?
Did you recruit with the intention of potentially
returning full time?

Overview
Thinking back to your internship recruiting expe-
rience as a first year, in evaluating potential
internships, what were the primary ways through
which you gathered information?

(While we will not prompt this, pay close atten-
tion to see if “networking” is listed as an answer.)

e (If networking is mentioned) Did you use the
[University] network?

e (If networking is NOT mentioned) Did you use
networking as a way to assess and gather
information?

What did you hope to get out of networking?
(Do not prompt, but answers could include “a rec-
ommendation,” “a sense of fit,” etc.)

e How important was assessing your “fit” in an
organization?

e How did you assess whether you would “fit” in
an organization?

What kinds of questions did you prepare for a
typical networking conversation?

Talk about two to three specific experiences you

had with alumni during your networking process

e Tell us about the alum (industry, rank, gender,
how you found them, etc.)

e What was your purpose when reaching out to
this alum?

e What types of questions did you have for this
alum? (firm fit vs. career advice vs. advocacy, etc.)

e What would you say was the most valuable for
you from interacting with this alum?

e Before your conversation, did you feel like you
would “fit in” in this alum’s company? What
about after the conversation? Why?

INTERVIEW GUIDE FOR ROUND 2
INTERVIEWS

Tell me about a time when you reached out to a
female [University] alum who was particularly
helpful?

(Let them talk; possible follow up prompts:)

What did you talk about?

Why was it so helpful?

How did interaction with her shape your job
search strategy?

e  Why did you choose to reach out to this person
in the first place?

(Repeat the same question about another female
[University] alum who was particularly helpful.)

Like you said earlier [if applicable], it was
important for you to talk to other women. Tell me
about experiences you had that made you think it
is important to reach out to female alums? (Or
how did you figure this out?)

In networking with alumni, were there things
you might have discussed with other women that
you might not have discussed with men? Are
there topics that you were concerned about in
your job search that you don’t think men gener-
ally worried about?

Tell me what kind of guidance or tips did [Uni-
versity] or the career services office give you for
networking while female? Is there, for example, a
workshop on networking for women, or anything
like that? If so, what was covered?

Finally, some research suggests that women
reach out to more female alumni than men do.
Does that seem consistent with your experience?
If it is true, why do you think that may be?

Is there anything else that seems relevant that I
haven’t asked about?
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